I0SR Journal of Computer Engineering (IOSR-JCE)
e-1SSN: 2278-0661,p-1SSN: 2278-8727, Volume 19, Issue 1, Ver. Il (Jan.-Feb. 2017), PP 48-54
www.iosrjournals.org

Analysis of Adaptive and Advanced Speckle Filters on SAR Data

Arundhati Misra', Dhwani Ajmera’
Y(SAC, ISRO, Ahmedabad, India)
?(Institute of Technology, EC Department, NIRMA University, India)

Abstract: Synthetic Aperture RADAR(SAR) images get inherently affected by speckle noise which is
multiplicative in nature. This noise affects the image spatial statistics and properties. Over the past several
years, many SAR denoising algorithms have been developed to reduce speckle noise. Some of the standard
speckle filters are Gamma MAP, Lee, Frost and Kuan filters. Further, these have also been modified to obtain
better results after filtering, than their original counterparts. Apart from the standard speckle filters, advanced
SAR filters like Block Matching 3 Dimensional (BM3D) are also present. In this paper several standard as well
as advanced speckle filters have been analyzed and compared. For comparison, Quality Assessment has been
performed where the filtered images are compared to each other using parameters like Radiometric Resolution
and others. These parameters help to distinguish the performance of the filters on basis of signal strength,
speckle reduction, mean preservation and edge and feature preservation. In the paper, radiometric resolution,
speckle index and mean preservation index will be used to analyze among the performance of the filters.
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. Introduction

Speckle noise is granular noise that inherently affects RADAR, SAR, medical ultrasound and other
such applications. Speckle noise is perceived to be multiplicative in nature as a result of which it affects the
spatial statistics of the image. Further it reduces the image contrast and makes it difficult to interpret the image
accurately. Speckle noise can be classified in 2 ways - one by k distribution and the other by Rayleigh
distribution. In free space, speckle is simply considered as an infinite sum of independent, identical phasors with
random amplitude and phase[1].Speckle noise can be reduced in 2 ways - one by multi-look techniques where
several independent single look images are formed, these are summed and then averaged to obtain multilook
images[2]. The other method is the use of speckle filters where filtering operation is performed post the image
formation. Adaptive filters most commonly used are Gamma MAP, Lee, Frost and Kuan. Filters like Gamma
MAP, Enhanced Lee, Enhanced Frost and Enhanced Kuan differentiate the image into 3 regions which are
homogeneous, heterogeneous and strong scattering and then perform the filtering operation. Homogeneous
regions are uniform regions where the statistical parameters are similar whereas heterogeneous regions have
large differences in their statistical parameters. One way to distinguish such regions in an image is by
considering coefficient of variation. Coefficient of variation is the ratio of the local standard deviation to the
local mean.

1. Adaptive Filters
Filtering algorithms like Gamma MAP, Lee, Frost, Kuan and their modified versions come under this
category as the filtering operation makes use of the statistical properties of the image, hence they are adaptive in
nature. Filters like Median filter are non adaptive as they do not make use of any statistical properties of the
image.

1.1 Gamma MAP Filter

This filter assumes Gaussian distribution of the speckle noise. The performance of the MAP filter is enhanced
by fixing a minimum value of coefficient of variation for better speckle smoothing and an upper limit for texture
or point target preservation. Thus if the coefficient of variation is lesser than the minimum value then the region
is termed to be homogeneous, greater than the upper limit, then it is termed to be strong scattering region and if
otherwise, then it is termed to be heterogeneous region[3]. For homogeneous regions, the estimated pixel value
is

D=R where R is the local mean value Q)
For strong scattering regions,

D=R )
For heterogeneous regions,

D=((k R) + Vd)/(2 a) A3)
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k =a—N —1, N is the Number of Looks 4)
a=(1+C_si®)/(C_v*-C_si?) (5)
C_si is the standard speckle index
C_v is the coefficient of variation
d=R’K* +4aNRR (6)
The Gamma MAP filter is most commonly used among the standard speckle filters because of its desirable
results.

1.2 Lee Filter
The Gamma MAP filter is most commonly used among the standard speckle filters because of its
desirable results.
D=R+W (R-R) )
W=1-C_si’/C_V? (8)
Lee filter is able to suppress noise effectively in homogeneous regions but does not perform well in
heterogeneous regions.

1.3 Enhanced Lee Filter
Lopes modified Lee filter to develop the Enhanced Lee filter which like Gamma MAP segregates the image into
different regions and then performs filtering. For homogeneous and strong scattering regions, the estimated
pixel value is same as that of Gamma MAP filter. For heterogeneous regions, the pixel value is

D=R W + R(1-W) 9)

W=exp(-K_d (C_v-C_si)/(C_max-C_v)) (10)
K _d is called the Damping Factor
Enhanced Lee performs better than Lee filter as it aims to improve the ability of preserving edges in the
image[7].

1.4 Frost Filter
The Frost filter is similar to the Lee filter and is based on the Minimum Mean Square Error (MMSE) criteria[5].
The estimated pixel in Frost Filter is equal to:-

D:(R]_W]_ + RzW 2 ... RN WN)/(W1+W2. .. WN) (11)
W=exp(-A T) (12)
A=K dC v (13)

T is called Euclidean distance [7]. The Frost filter behaves as a mean filter in uniform or homogeneous regions
and as a high pass filter in high contrast regions.

1.5 Enhanced Frost Filter

The Enhanced Frost filter, being similar to the Enhanced Lee and Gamma MAP filter segregates the image into
the 3 different regions of homogeneity, heterogeneity and strong scatter before performing the filtering
operation. For homogeneous and strong scattering regions, the estimated pixel value is same as that of Gamma
MAP and Enhanced Lee filters[6][8]. For heterogeneous regions, the pixel value is

Dz(R]_Wl + RzW 2 t... RN WN)/(W1+W2. .. WN) (14)
W=exp(-A T) (15)
A=K_d (C_v-C_si)/(C_max-C_v) (16)

Enhanced Frost filter, similar to Enhanced Lee aims to preserve edges and it does so more effectively compared
to Frost filter.

1.6 Kuan Filter
Kuan filter is also similar to the Lee filter with the difference being in the weight that is considered for the target
pixel. The estimated pixel equation is same as that of the Lee filter as it has been derived from the Lee filter[6].
The weight factor is:-

W=(1-C_si’/C_Vv?)/(1+C_si®) (17)
It is considered to be more accurate than Lee filter due to the fact that no approximation is required in the total
derivation [6].

I11. Advanced Filters
Advanced Filters like BM3D make use of more than 1 method to minimize noise. They tend to produce
better results compared to the standard speckle filters.
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1.7 Block Matching 3 Dimensional Filter

Block Matching 3 Dimensional (BM3D) filter is one of the most advanced and commonly used filters for image

denoising. The basic BM3D algorithm considers noise to be additive in nature. The BM3D algorithm consists of

2 major steps, the output of one which is then taken as the input of the next step. The output of the first filtering

process results in the production of the basic estimate, this basic estimate is then used as the input to the next

filtering process which produces the final estimate or the final filtered image. The BM3D algorithm consists of 2

major steps. These are[9][10]

1. The first step produces the basic estimate by use of hard thresholding. The hard thresholding is used during
the collaborative filtering process. Only the noisy image is considered as the input along with the hard
thresholding parameters.

2. The second step produces the final estimate by using Wiener filter. The basic estimate and noisy image are
taken in as inputs along with the Wiener filter parameters.

The parameters for hard thresholding and Wiener filtering which are pre-set rely heavily on the
standard deviation of noise. Further depending on the value of the standard deviation, the parameters differ.
Also the 2D transform used in case of Wiener filtering can be either DCT or DST. BM3D can also be used with
other methods to produce better results such as BM3D-SAPCA, where the technique of BM3D is combined with
Shape Adaptive Principal Component Analysis (SAPCA). The 2D transform used is a Shape Adaptive DCT
(SA-DCT), which makes the algorithm adaptive in nature compared to the conventional BM3D algorithm.

1.8 Wavelet Based Filter

Wavelet based filtering implies the use of wavelet families like Daubechies, Symlets, Coiflets or any other for
the purpose of denoising. In this paper, Daubechies 2, thus 4 coefficient are used.Thedecom
positionprocessisdone3times, thus multiple levels decomposition and reconstruction has been done. Also to
reduce noise, thresholding has been performed. Soft or hard thresholding are the common thresholding methods
that are implemented to reduce noise. In this paper soft thresholding has been performed. Further the threshold
selected is 4*sigma, where sigma refers to the individual standard deviation values of the 4 sub bands which are
LH, HL and HH. The DC component LL is passed through without any thresholding [11].

IV. Quality Assessment
It is extremely difficult to distinguish among the various speckle filters visually. To know if a particular
filtering algorithm is truly reliable, effective and consistent, quality assessment of the despeckle SAR image is
needed. Statistical analysis like computation of the mean and variance doesn’t always help to identity the most
effective filter[12]. In this paper, 3 parameters will be used to compare among the various filters.

1.9 Radiometric Resolution
The radiometric resolution mathematically is the reciprocal of signal to noise ratio. Thus higher the value of
SNR, lower the value of radiometric resolution which is desirable. SNR in case of SAR images is computed as
the ratio of the mean of the image to the standard deviation of the same. Radiometric resolution is implemented
as[13]:-

vy =10 log(1 +1/SNR) (18)
Lower values of radiometric resolution are desirable as that means the SNR values will be higher. Higher values
of SNR are resulted in when the standard deviation values are lesser.

1.10Speckle Index

Speckle Index, like the Coefficient of Variation, is defined as the ratio of standard deviation to the mean of the
image. The difference being, the image to be considered is the filtered image only. Hence, lower the standard
deviation, the better and thus lesser the speckle index.

1.11Mean Preservation Index

The mean of the filtered image should not vary much with reference to the raw data. This parameter helps to
evaluate the mean preservation properties[12]. It can be defined as the ratio of the absolute difference between
the mean of the noisy image and the mean of the filtered image to the mean of the noisy image. Lower values of
MPI indicate good mean preservation by that particular filter.
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V. Methodology and Data Set

Figure 1

RAW Data

Figure 2 Figure 3
Figure 1 displays the common flow of work done and how the image has been processed and filtered.
For testing and analysis, 16X16 smaller homogeneous regions of the 1024X1024 extract of the RISAT data have
been considered. There are 8 such 16X16 pockets and the 3 quality assessment parameters have been used for
comparison.

The data set used to analyze and compare the various filters is RISAT-Amplitude image. RISAT-1
stands for RADAR Satellite-1[14]. It carries a SAR payload operating in C band (5.35 GHz). It was successfully
launched in 2012[14]. 1024X1024 smaller regions of the entire data set are extracted and the adaptive speckle
filtering is performed on these regions. 1 such region has been considered and the corresponding filtered images
have been displayed in the results section. Figure 2 displays the extracted 1024X1024 region. This particular
extracted region is part of RISAT-1 FRS-1 (3m) data set where FRS stands from Fine Resolution Scan.

Figure 3 shows the pockets which have been considered for quality assessment. The pockets have been chosen
such that the radiometric resolution of the pockets of the raw data is similar to each other.
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V1. Results

Figure 4.e Figure 4. Figure 4.9 Figure 4.h

The results not only display the filtered images but also the graphs consisting of the quality assessment
parameters, thus comparing the performance among the various speckle filters. Figure 3 shows the pockets
which have been considered for quality assessment. The pockets have been chosen such that the radiometric
resolution of the pockets of the raw data is similar to each other.

Figure 4 shows the filtered outputs. Fig 4.a displays Gamma MAP filter output, Fig 4.b Lee filter output, Fig 4.c
Enhanced Lee filter output, Fig 4.d Frost filter output, Fig 4.e Enhanced Frost filter output, Fig 4.f Kuan filter
output, Fig 4.9 BM3D filter output and lastly Fig 4.h Wavelet Based filter output.

A windows size of 3X3 and Number of Looks and Damping Factor as 1 has been considered while performing
the various filtering operations on the raw data.

Figure 5 displays radiometric resolution as one of the quality assessment parameters. Figure 6 displays the
speckle index as the second quality assessment parameter. Figure 7 displays the mean preservation index as the
third quality assessment parameter.

The horizontal axis in all 3 figures shows the different 16X16 pockets which have been highlighted in Figure 3.
The numbers 1 to 8 in the graphs correspond exactly to the regions which have been shown as in the Figure 3.
The graph of radiometric resolution only contains the value of raw data. Speckle index is computed for filtered
regions directly whereas mean preservation index is computed using both the filtered regions as well as the
regions in raw data.
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—4—RAD_gamma_map| 1.76191678 | 1.962889807 | 2.170173397 | 1.936755785 | 2.157740752 | 1.848708852 | 1.812262154 | 1.784988704
~@—RAD_lee 1.747331122 | 1.976576067 | 2.157808059 | 1.919487283 | 2.138517563 | 1.839114794 | 1.821505028 | 1.783872366
—4+—RAD_enh_lee 1.784510962 | 1.98233265 | 2.211413145 | 1.937419044 | 2.172183744 | 1.85665733 | 1.818736692 | 1.782410707
—><«=RAD_frost 1.850446314 | 2.008935506 | 2.27460928 | 1.991481401 | 2.235869976 | 1.922339726 | 1.876736955 | 1.846887564
—#=RAD_enh_frost 1.765330721 | 1.965525202 | 2.177955791 | 1.935943844 | 2.16087284 | 1.84987445 | 1.812954972 | 1.783591261
—&—RAD_kuan 1.747418217 | 1.965933648 | 2.159452159 | 1.919934032 | 2.139994188 | 1.840482345 | 1.818954193 | 1.782039263
—+—RAD_raw 3.620731951 | 3.718186142 | 3.810751533 | 3.58604194 | 3.753316589 | 3.492781763 | 3.521319465 | 3.637354447
——RAD_bm3d 0.637187666 | 0.789728138 | 1.500235309 | 0.861080697 | 1.594273483 | 1.121805692 | 1.063278707 | 0.763019662
RAD_dwt 0.770216372 | 1.006560746 | 1.123275426 | 0.81622322 | 0.576219244 | 1.040152195 | 0.858470614 | 0.813087821

Figure 5
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1 2 3 | 4 5 6 7 8
—+—S|_gamma_map| 0.224886474 | 0.253558166 | 0.2838334 | 0.249792141 | 0.281997085 | 0.23718727 | 0.232006808 | 0.228144408
851 lee 0.222831327 | 0255534941 | 0.282007019 | 0.247309885 | 0.279162968 | 0.235821481 | 0.233318515 | 0.227986573
—-Sl_enh_lee | 022807686 | 0.256367324 | 0.289943407 | 0.249887570 | 0284130577 | 0238319941 | 0.232925499 | 0.227779945
—<=$|_frost 0.237434772 | 0260221183 | 0.299362905 | 0.257691339 | 0.293580615 | 0.247719568 | 0.241185941 | 0.236927879
—+=Sl_enh_frost | 0.225368004 | 0.253938567 | 0.284984206 | 0.249675318 | 0.28245945 | 0.237353304 | 0.232105081 | 0.227946832
—oS|_kuan | 0222843589 | 0253997534 | 0.282249705 | 0.247374041 | 0.279380448 | 0.23601607 | 0.232956373 | 0.227727442
——$1_bm3d 007611673 | 0.095182276 | 0.188534426 | 0.104215998 | 0.201472055 | 0.137863809 | 0.130222465 | 0.091819843
-SI_dwt | 0092724847 | 0122866273 | 0.138056363 | 0.098528076 | 0.068589647 | 0.127217207 | 0.103884234 | 0.098131605
Figure 6
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:Mpl_eamma_map 0.000115319 | 0.003553805 | 0.001662771 | 0.007245484 | 0.002456259 | 0.014498433 | 0.016442521 | 0.001310352
—&—MPI_lee 0.00851054 | 0.01032188 | 0.007418518 | 0.014663479 | 0.010067033 | 0.017476489 | 0.019225822 | 0.008542486
—#—MPI_enh_lee 0.002306379 | 0.003983883 | 0.00245346 | 0.006284348 | 0.000423493 | 0.013416928 | 0.013893112 | 0.001159157
—>«=MPI_frost 0.001453019 | 0.003508534 | 0.000697666 | 0.005816103 | 0.000423493 0.011426332=0.012630102 0.001159157
—+=MPI_enh_frost 0.000438212 | 0.003666984 | 0.000883711 | 0.007072972 | 0.001984367 0.014247649. 0.01597474 | 0.001209555
=&—MPI_kuan 0.006550118 | 0.007333967 | 0.006174347 | 0.013012298 | 0.00844566 | 0.01684953 | 0.018641095 | 0.006954944
~—+—MPI_bm3d 0.007126712 | 0.065756711 | 0.011406844 | 0.014835991 | 0.0240786 | 0.022931034 | 0.063524734 | 0.015623425
-MPI_dwt 0.007795563 | 0.035492779 | 0.019430007 | 0.034354437 | 0.035900104 0.043197492?0.056040229 0.006123375
Figure 7

VII.  Conclusion

It can be seen from Figure 4 that visually differentiating the performance of the filters isn’t possible.
Through the quality assessment parameters it can be observed that the advanced algorithms like BM3D and
wavelet based filtering perform comparatively better than the standard adaptive speckle filters in terms of
radiometric resolution and speckle index. This is because these filters not only preserve mean but also
drastically reduce the standard deviation. Thus the standard deviation of each of the regions is very less
compared to the standard deviation of the regions in raw data. A low value of standard deviation drastically
improves not only the radiometric resolution but also the speckle index. On the other hand, the mean
preservation index of the standard speckle filters turn out to be better simply because the mean preservation by
these filters is better compared to the advanced speckle filters. The difference between the mean values of the
regions in the filtered data and the mean values of the regions in the raw data is lesser in case of the standard
speckle filters. Thus their MPI values turn out to be better compared to BM3D and wavelet based filtering.

The standard speckle filters as well as the advanced filters are used extensively to minimize speckle
noise. While standard speckle filters have the advantage of fast computation, they are unable to reduce speckle
noise that effectively as the advanced filters. On the other hand, advanced speckle filters have the disadvantage
of time as well algorithm complexity compared to the standard speckle filters. Thus it can be safely concluded
that each method has its own pros and cons and thus can be judiciously used as per the application at hand. The
radiometric improvement with degradation of geometric features may not be good for applications needing edge
or object or feature detection, but are suitable for those needing classification of broad features such as
agricultural crop estimation, forest bio-mass and geological changes.
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